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Artificial Analysis is a leading, and independent Al benchmarking and
insights provider. We support engineers and companies to understand Al
capabilities and make critical decisions about their Al strategy.

Our data, insights and publications are grounded in our comprehensive
benchmarking of Al technologies and use cases. This includes everything
from hourly performance testing of language model APIs to millions of
votes in our crowd-sourced arenas.

Our public website, artificialanalysis.ai, is widely referenced by companies
leading innovation in Al. To discuss this report, our publications, or our
services, please get in touch at contact@artificialanalysis.ai.




Artificial Analysis Al Trends Subscription: Comprehensive Al market intelligence for
enterprise decision-making from the leading Al benchmarking company

Overview of Artificial Analysis Al Trends Subscription
This report

A | Quarterly State of AI Report

B | Enterprise Agents Report

D | Databooks & API

Direct access to the industry's most
comprehensive data

C | AI Adoption Survey

The definitive quarterly update on Al
market developments

2025 is the year of agents — our
overview of what matters most

Real-world adoption insights from
those building and deploying Al

* Comprehensive Al performance
data - source data for all our

* Emerging trends at each layer of the
Al stack: hardware, infrastructure,
models

*» Comprehensive analysis of key
agent categories: coding, deep
research, computer use, customer
support, sales

Enterprise use case patterns
Enterprise adoption benchmarks

EREIVAIS

Intelligence, performance, cost,
survey data and more

Excel databooks and APl access

Developer priorities and pain points

Market maps and performance
rankings for hundreds of key players

State of Al: China - detailed
benchmarking of top Al labs in

Model, inference and hardware

* What's working now: where agents provider demand by industry

are driving real productivity
Implications for real-world

China deployment

E | Quarterly AI Trends Workshop F | Ongoing Team Access

Connect market intelligence to your strategic priorities Direct access to our research team for support and clarifications

* Live briefing with Artificial Analysis research team (90 minutes, optional) » Support for use of reports and data, including queries on sources and

* What's working now: insights from leading SF startups and enterprises methodology

* Deep dives tailored to your business priorities (e.g., coding agent best practices, » Clarification and explanation of analyses
inference economics, upcoming chips) * Limited to max 90 minutes per quarter, rates available for further support
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This is the Highlights Version of the Quarterly State of Al Report for Q2 2025, the Premium
Version is available to subscribers of our Al Trends Subscription

Highlights Version (This)

Premium Version (Al Trends Subscription)

Industry overview and market map of key players and
strategies across the Al value chain

Overview of frontier models ranked by the Artificial Analysis
Intelligence Index and overview of emerging trends

Synthesis of emerging trends for image, video and speech
models and market maps

Synthesis of emerging trends for accelerators including case
study comparing NVIDIA B200 and NVIDIA H200 using
Artificial Analysis System Load Test

Includes everything in the Highlights Version plus:
Detailed insights across new language model releases (incl.
analysis of leading open weights options)

Detailed analysis and case studies outlining emerging trends
for language models across pricing, performance and features

Analysis of frontier image generation models and trends
(incl. text to image and image editing)

Analysis of frontier video generation models and trends (incl.
text to video and image to video)

Analysis of frontier speech models and trends (incl. text to
speech and speech to text)

Emerging market trends for accelerators, including detailed
analysis comparing NVIDIA H200 and NVIDIA B200

Attached Separate Report: Enterprise Agents Report
covering comprehensive analysis of key agent categories and
implications for real-world deployment

Feel free to get in touch with us at subscriptions@artificialanalysis.ai to learn more about the Artificial Analysis Al Trends Subscription
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Players in the Al value chain differ in levels of vertical integration; Google continues to
stand out as the most vertically integrated from TPU accelerators to Gemini
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Big technology companies are continuing to play across all Al modalities while smaller
challengers tend to focus on specific modalities
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01. Industry Overview

A number of Al Labs now have models near the frontier of intelligence; xAl has the leading

model with Grok 4, achieving this feat in less than 500 days since their first models' launch
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02. Language Models

XAl, OpenAl, and Google lead frontier intelligence with their latest
reasoning models, followed closely by other labs
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02. Language Models

Models: Over the past year, OpenAl has maintained its lead, Google Gemini and
DeepSeek have surged, and Meta Llama and Mistral have fallen
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02. Language Models

Open Source: Open weights language models continue to
Improve, the gap to leading proprietary models stayed similar
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02. Language Models

Open Source: Leading proprietary models are from US labs, while

China leads the open weights intelligence frontier
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02. Language Models

Country view: Models from labs in the US and China continue to

dominate the intelligence frontier
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02. Language Models

While efficiency gains have been made... ... compute demand continues to increase
| G##"G.F#'$#2-

New applications continue to demand more compute: a single deep
GPT-4 level intelligence is now 100x cheaper than original GPT-4 research query can cost >10x an original GPT-4 query
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02. Language Models

B. Software Efficiency: Efficient models combined with new accelerators kept slashing Al

inference costs throughout Q2
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02. Language Models

B. Software Efficiency: Throughput significantly increased in Q2 2025 across model
classes, but end-user wait times are sometimes growing due to long reasoning chains
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02. Language Models

E. Reasoning Models: Reasoning costs time and compute: reasoning models use up to
10x more tokens to respond to the same prompts as non-reasoning models
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02. Language Models

In Q2 2025 we saw increased use of agentic workflows and explosive growth in coding
agents, both enabled by a connection ecosystem and new model training approaches

Key Themes in Q2 ‘25

Applications move towards
‘agentic by default’
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Ecosystem of connections
continues to grow and
enable new functionality
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Coding agents see rapid
growth
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Agentic model use will drive
up LLM usage costs
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Training focuses on agents
and long-horizon tool use
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02. Language Models

Agents are autonomous systems driven , o
Fundamentally, agents in every domain run in a loop and take
by LLMs... actions by using tools, such as searching the web or writing to a file

What are agents? User

A
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“Systems where LLMs dynamically direct their own
A\ processes and tool usage, maintaining control over

———————

------------ e e N . ...
M » 1
how they accomplish tasks i Agent
1
o - A\ 4
Agents represent systems that intelligently accomplish ot T e }‘___ _‘ Large Language Model

tasks, ranging from executing simple workflows to
pursuing complex, open-ended objectives”

“Al agents are autonomous systems powered by large (|
language models (LLMs) that, given high-level

m . .
* * instructions, can plan, use tools, carry out steps of Nl _

r ing, and take actions to achiev ifi [s”
processing, a d take actions to achie & specitic goats / Toolset and environment (example tool inclusions)
APl integrations Filesystem access
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02. Language Models

Built on the improving intelligence of language models, Al agents offer key benefits
compared to traditional workflows and are seeing success in several domains

Overview of agent benefits Key domains showing early successes
Agentic approaches enable new Al-based applications due to a Coding Finds, interprets, editg and.tests source code to
range of key benefits compared to static workflows: complete software engineering tasks
Deep Parses (and potentially clarifies) a research query and

1. Dynamic planning, task tracking, and execution for
complex unknown task requirements to pursue well-defined
goals

research launches a chain of targeted research queries while
controlling its research flow to synthesize an answer

Computer Interprets user commands, ‘looks’ at a desktop or

use browser window', and autonomously chains clicks,
keystrokes, shell commands, and API calls to
complete arbitrary task

2. Integration with a wide range of systems and processes
across a domain without a clear sequence of dependencies
or ‘chains’ of use to complete tasks

3. Natural collaboration to complete tasks, including engaging Customer Customer agent in live speech or text chat which
human users in the loop to clarify or continue tasks, or support identifies intent and responds to customers in real
coordinating with other agents with additional capabilities time, while chaining required app, CRM or API calls to

complete the task (or hand off to a human agent)

4. Graceful error recovery from feedback where errors occur,

even with unique or unexpected failure modes Sales Identifies potential leads, executes personalized
outreach, and integrates with sales tools

For a deep dive on the latest progress in Al agents, see the "#3%3$&$'()!*'(+,5,)-.)//0*#,)'*1)122($&'#$3*,)4023"#
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02. Language Models
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M Deep research

?2 Computer use
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J Sales

Illustrative products & players
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___________________
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o~ PersanaAl & Relevance Al

These domains are showing
the most progress in
commercial off-the-shelf
products and research
previews, while other use
cases are following.

In parallel, a range of providers
are enabling users to build
custom Al agents for their use
cases:

& Relevance Al

&& StackAl

S
« SmythOS
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02. Language Models

A. Al Coding Tools: GitHub Copilot and Cursor dominate the market as the most popular
Al coding tools, with a significant lead over Claude Code and Gemini Code Assist

">'+?2$=5($25?*+C$H55&)
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GitHub Copilot
Cursor
Claude Code
Gemini Code Assist
Codium Windsurf
Vercel v0
Lovable.dev 14%
Bolt.new 13%
Replit
None
Zed 7%

Continue

Amazon Q Developer 4%

Cognition Labs Devin [ 3% Analysis Al Adoption Survey

Tabnine [ 3% Report H1 2025
Sourcegraph Cody [ 2%
Other
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02. Language Models

A. Coding agents: Coding agent launches have accelerated in 2025, with a large focus on

command-line interfaces
NON-EXHAUSTIVE

14Q),'8)5.$7'4T#$-",)5:8-'(4:$8/#*:='R:4,-#,
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Notable releases in Q2 included:

GitHub Copilot Coding Agent
Cursor Background Agents

OpenAl Codex CLI and cloud
Google Gemini CLI and Jules

In July 2025, Amazon launched Kiro, an Al IDE in
public preview
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03. Image and Video Models

Q2 ‘25 saw a shift in progress to Video models, with audio support and breakthroughs in
guality, while open weights model progress slowed in both image and video

Key Themes in Q2 ‘25

Video models begin to
support audio

J&2$P&Y&)&(S,-$H'BS?P?Q$<&/23&)$*+8&$0,1)*$+,. +$G8'%, *BKS3' -+ 1&'3$32(&%$*+*$-"* @ &%B$) 86621
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Video models see continued
breakthroughs in quality
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Image editing models
launched
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Chinese and US labs
continue at parity in media
generation
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Text to image models
improve incrementally
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03. Image and Video Models

Unlike in language models, smaller media generation focused organizations continue to
compete with larger organizations with a broad focus across various modalities

Key players offering image and/or video models
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04. Speech Models

Speech: Developments across the speech Al stack are driving voice agents to become
more natural, more powerful and cheaper

Key themes in Q2 ‘25
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04. Speech Models

Speech: While the generalist Al labs (e.g. OpenAl, Google) have offerings across all
speech Al, an emerging group of pure-play speech companies are driving innovation
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05. Accelerators

Demand for Al accelerators is expected to accelerate as multi-node inference becomes
popular; NVIDIA Blackwell becomes widely available while AMD unveils the MI355X

Key themes in Q2 ‘25
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05. Accelerators

NVIDIA continues to dominate the Al accelerator market, especially for frontier-class
training, but a growing list of challengers now offer material differentiation

Key players building accelerators for Al training and inference
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05. Accelerators

Artificial Analysis System Load Test: NVIDIA's new B200
accelerator significantly outperforms NVIDIA H200

System Throughput (Left) and Output Speed per Query as Concurrent Requests increases
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